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Chinese Immigrants and Local Labor Markets in the U.S.:
A State-Level Analysis
Yiran Eva Li

Cushing Academy

Abstract:

This paper examines how the inflows of Chinese immigrants into the U.S. affect the local
labor markets outcomes of U.S. natives at the state level between 1990 and 2017. Over the past
five decades, the population of Chinese immigrants in the United States has grown significantly,
which raises the question how they impact the labor market in the U.S. I apply regression
analysis on the state-level panel data and use fixed-effects model to address the omitted variable
bias. The empirical results indicate that the inflows of immigrants from China have no
significant impact on the employment rate and the average income in the U.S. local labor
markets.
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I. Introduction

1.1 Research Background

It is widely concerned among the public as well as scholars whether immigrants have
adverse effects on the US economy, especially the labor market outcomes of U.S. natives (Blau
and Mackie, 2016). Some argue that firms introduced cheap immigrant workers to replace native
workers via temporary work program such as H-1B, which leads to the unemployment of natives
(Matloff, 2013; Hira, 2018). Theoretically, immigrants may also drive down the wage level in
the labor market by putting more pressure on the supply side.

Chinese immigration to the U.S. has a long history that can be dated back to the 1850s
Gold Rush in California. At the time when Chinese first migrated to the U.S., they were accused
of “stealing” jobs from native workers and suppressing the wage level, especially in the gold
mining business. Discrimination and exclusion followed and the immigration from China to the
U.S. withered for more than half of a century. The number of Chinese immigrants to the U.S.

started to rise again since the 1960s after the abolishment of the Chinese Exclusion Act. The



skyrocketing population of Chinese immigrants again raises the question: how do Chinese
immigrants affect the U.S. economy?

In this paper, I examine whether the inflows of immigrants from China influence the
local labor market outcomes of US natives, including the employment rate and the average
income. I exploit the variation of the inflows of Chinese immigrant into different states to
identify the impact of Chinese immigrants on local labor market conditions. Using the state-level
panel data from 1990 to 2017 compiled from several sources, I apply the fixed-effects model to
address the problem of immigrants’ endogenous geographic distribution. The results suggest that
Chinese immigrants have virtually no negative impact on the employment rate and the average

income of native workers in the labor market.

1.2 Literature Review

A rich literature studies the impact of immigrants on the economy of the host country.
Studies show that immigrants contribute to the host country in several ways. For instance, Cortes
(2008) find that low-skilled immigrants reduces the price of services, such as housekeeping.
Cortes and Pan (2014) further finds that the service provided by low-skilled immigrants
increased high-skilled native females’ labor supply. In terms of technology and productivity,
Hunt and Gauthier-Loiselle (2010) show that high-skilled immigrant boosted the innovation
activities measured by patents in the US and Peri (2012) find that immigration increased the total
factor productivity in the US.

On the other hand, economists have not yet settled the debate on how immigrants affect
native workers’ labor market outcomes (Blau and Mackie, 2016; Dustmann et al., 2016). In a
seminal study, Card (1990) uses the natural experiment of the Mariel Boatlift to study the labor
market impact of Cuban refugees and he finds no significant impact of immigrants on the
employment of natives in Miami. On the other hand, Borjas (2017) revisits this event and finds a
large and negative impact. Other than these two, there are abundant studies that identify limited
to null adverse impact of immigrants (Card, 2009; Card and Peri, 2016, etc.) while other studies
find immigrants substantially harming natives’ wages and employment (Borjas, 2003; Llull,
2017, etc.). Overall, the existing empirical findings are mixed and further studies are warranted

to provide new and informative evidence.



1.3 Research Method and General Process

I utilize regression-based analysis and pay special attention to identifying causality. The
key challenge to the empirical study is the endogeneity of immigration decisions of settlement.
To be specific, immigrants choose their state of residence for reasons that may be correlated with
the labor market outcomes. Therefore, the OLS estimation has the omitted variable bias. I take
advantage of the panel data structure and use a fixed effect model to address the endogeneity
issue by eliminating the time-invariant component in the error term that is correlated with the
explanatory variable. By doing so, my estimation implies a causal relationship between
immigration and labor market outcomes. Figure 1 is the general process flow diagram in which

the data is being modeled.
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Figure 1. The general process flow diagram
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Figure 2. The process of data collection and cleaning

Figure 2 sums up my data collection and cleaning procedure. The data used in this study
come from three sources. For all the years from 1990 to 2017, I obtain the annual number of
Chinese immigrants to each state from the Department of Homeland Security (DHS) yearbooks,
obtain the employment rate and the average income in each state from the (American
Community Survey) ACS, and obtain the housing price index in each state from St. Louis

Federal Reserve Economic Data (FRED).



I aggregate the number of immigrants from China in each state and year from the DHS

yearbooks from 1990 to 2017. The table below shows the structure of the cleaned DHS data:

State Year #lmmigrants
Alabama 2000 234,000
Alabama 2001 253,000
Alaska 2000 132,000
Alaska 2001 143,000
Arkansas 2000 324,000
Arkansas 2001 350,000

Table 1. The illustration of the DHS data

The ACS is a repeated cross-sectional data at the individual level as table 2 shows. I

collapse their employment status and income by their state of residence and year to a state-level

panel data containing each state’s employment rate and average income level from 1990 to 2017.

The state-level panel data is shown in table 3.

Individual ID State Year Employed Income
1 Alabama 2000 1 35,000
2 Alabama 2000 0 57,000
3 Alaska 2000 1 25,000
4 Arkansas 2000 0 70,000

Table 2. The illustration of the ACS individual-level data




State Year Employed Income
Alabama 2000 0.5 46,000
Alaska 2000 0.2 30,000
Arkansas 2000 0.3 80,000

Table 3. The illustration of the ACS state-level data

I then match the ACS data on labor market conditions, FRED data on the housing price,

and DHS data on immigrant inflows by state and year to generate the final panel data for

regression analysis.

2.2

market outcomes can be expressed as the following equation:

Empirical Model

The simple cross-sectional OLS model to examine the impact of immigrants on labor

Y =B, +Bimmig + Xy +¢€

ey

In this model, Y is the unemployment rate or the average income in state i. Immig, is the

population of immigrants in state i. X, include the state characteristics that affect the labor

market outcomes. €, is the error term that include other factors that are not controlled but can

also affect the labor market outcomes in state i. Under the zero conditional mean assumption that

E(e, |immig.)=0 , the OLS estimate of 3, is a unbiased measure of the impact of immigrants on

the local labor market outcomes.

However, immigrants usually tend to settle in states with better economic prosperity (for

instance, California), i.e. they endogenously enter labor markets with higher employment

opportunities and higher wages. If immig, is positively correlated with the error term €, , the




zero conditional mean assumption is violated and the cross-sectional OLS regression yields a
upward bias in the estimate of 3, .

To address this endogeneity issue, I apply the following fixed-effects model to the state-

level panel data.

Y, =Byt Bimmig, + X,y +9,+6,+0, )

it

In this model, the dependent variable Y is the labor market outcomes (employment rate
and average income) in state i at year t. immig, is the inflow of Chinese immigrants into state i

at year t., X, is the vector of time-varying characteristics of state i in time t, including the state

it

population and the housing price index. @, is the state fixed effect to account for state i’s time-
invariant characteristics. 6, is the year fixed effect to account for any systematic differences

across various survey years. @, is the idiosyncratic error term.

it
If the omitted variables in equation (1) correlated with immig, are assumed to be time-

invariant, I can capture them with the state fixed effect ¢, and exclude them from the error term

in the fixed-effects model. As long as immig, is uncorrelated with the idiosyncratic error term

@, that varies over time, the fixed-effect estimation can produce consistent estimates and make

a convincing causal inference. After controlling for state population and the housing price index,

I consider this a reasonable assumption in this model.

III. Results

In this section, I present the regression results estimated from the model above.

I first start with pooled OLS regressions without controlling for the state and year fixed
effects. For the convenience of interpretation, the variable of immigrant inflow is rescaled by
1/1000 so the coefficient indicates the impact of the increase of 1000 Chinese immigrants in the

state on the outcomes.



empl_rate, =0.618+(—4.2x10°)ximmig,, (3)

empl_rate, =0.649+(1.17x107°)ximmig, +(-1.04x107°)x state_pop, (4)

Equations 3 and 4 show the point estimates of coefficients from pooled OLS regression
using the employment rate in state i at year t as the dependent variable In equation (3),1 only

include the inflow of Chinese immigrants on the right hand side. In equation (4), I further control
for state_pop, , the state population in state i at year t. Equation (3) shows that an increase of

1000 Chinese immigrants is associated with the decrease of the employment rate by 0.042
percentage point. After controlling for the state population, the estimated coefficient on Chinese
immigrants in equation 4 becomes positive It shows that an increase of 1000 Chinese
immigrants is associated with the increase in the employment rate by 0.117 percentage point.
The negative coefficient on state population suggests that states with a larger population have
lower employment rates. The comparison of coefficients on immigrants indicate that the number
of Chinese immigrants are positively correlated with state population, i.e. Chinese immigrants
choose to reside in more populous states. However, the estimates may be contaminated by the
omitted variable bias in the OLS regression and do not imply a convincing causal relationship.
Especially in equation 4, the number of the Chinese immigrants is positively correlated with the
employment rate, which suggests it is very likely upward biased.

The pooled OLS estimates of regressions using the average income as the dependent

variables are presented below:

avg_inc, =(3.62x10")+45.1ximmig,, 5)

avg_inc, =(3.81x 10")+141.1x immig, +(—6.21X 107)x state_pop,  (6)

Equations 5 and 6 show that an increase of 1000 immigrants is associated with an
increase of $45.1 and $141.1 in the average income. We can from the comparison of the

coefficients that the state population is negatively correlated with average income but positively



correlated with immigration level. The two equations as well may have the omitted variable bias

and do not imply causality.

empl_rate, =0.548+(3.5x10™")ximmig, +(—6.65x107")x state_pop, 7
+(3.04x10™*)x house_price

avg_inc, =(1.78x10")—25.4ximmig, +(1.30x10™)x state_pop, ®)

+61.3x house_price

In equations 7 and 8 I further control for the housing price index and the results show that
the coefficients on Chinese immigrants are unbiased in equation 5 and 6. For the labor market
outcome of employment rate, there is a decrease of the employment rate by 0.035 percentage
point corresponding to an increase of 1000 immigrants; for the average income, there is a

decrease of $25.4 in average income level corresponding to an increase of 1000 immigrants.

empl_rate, =2.06+(—7.15x10"°)ximmig, +(-3.61x10)x state_pop, ©
+(8.14x107)x house_price+¢_+6,

avg_inc, =(-2.1x10°)-14.2ximmig, +(-3.82x10™)x state_pop, (10)
+2.41x house_price+¢_+0,

In equations 9 and 10, I estimate the full fixed-effects model controlling for the state
population, the housing price index, state and year fixed effects. The results indicate the pooled
OLS estimate using the employment rate as the dependent variable is upward biased. The fixed-
effects estimation in equation 9 shows that the impact of Chinese immigrants on the employment
rate is negative but very weak: a increase in the number of Chinese immigrant by 1000 will only
result in a 0.000715% decrease in employment rate in local labor markets. This means that

Chinese immigrants are not a significant factor that influences the local labor market outcomes,

10



so the sayings in social media or news that immigrants especially from China are stealing jobs
from American workers are ungrounded.

On the other hand, the comparison of equations 8 and 10 shows that the pooled OLS
estimate of the coefficient on immigrant is slightly downward biased when using the average
income as the outcome. The fixed-effects estimation shows that the average income level
decreases by $14.2 corresponding to an increase in number of Chinese immigrants by 1000. The
results suggest that the inflows of Chinese immigrants actually impose an insignificant

downward pressure on wages.

IV. Conclusion

This study empirically examines the effect of Chinese immigrants on the employment
rate and the average income in the U.S. local labor markets. I use a state-level panel data from
1990 to 2017 compiled from multiple sources and use the fixed-effects model to address the
endogeneity issue and to identify the causal effect. The results imply that the inflows of Chinese
immigrants do not significantly affect the US native workers’ employment rate and average
income level at the state level. The findings shed light on the policy discussion about the impact
of immigration on the U.S. economy and suggest no adverse effect of immigrants imposed on
native workers’ labor market outcomes.

One speculation is that Chinese immigrants tend to be more high-skilled and less
homogeneous to native workers. They can specialize in tasks and cause less intense competition
with natives in the labor market. A promising research question that worths further studying is
how the labor market impact of Chinese immigrants may differ across workers with various skill
levels.

Another limitation of the study is that our estimation relies on the assumption that the
omitted variables are time-invariant. If the immigrant inflows are correlated with time-varying
unobservables, our fixed-effects estimation may still be subject to biases (for instance, if the
immigrant inflows are attracted by the significant growth in the tech industry in California).
Although this study is a major improvement from standard OLS estimates, further studies can

investigate other potential outcomes in the labor market that is affected by immigration and deal

11



with time-variant omitted variables. One potential way to address this problem is to develop new
identification strategies, such as instrumental variable.

Also, there are concerns about the loss of labor in China --- “brain drain” from the origin of
immigration. Consequently, it is also necessary to study the immigration impact on the exporting

countries’ local labor markets in future studies.
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